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An Analytical Scheme to Depict Cross-Platform Event Popularity

Author: Jinning Li, Tianxiang Gao, et al.

Background:

With the development of Internet technology, the primary
media for information propagation have been shifting to
online media like social networks, search engines, web
portals.

Popular events are usually disseminated on multiple
media. Depicting and analyzing event popularity across
different platforms plays a vital role in tracking the public
concerns and understanding the event disseminations.

Object:

Quantify the event popularity time series (EPTS) based
on the datasets of Baidu and Weibo. Align and analyze
EPTSs of different media and visualize the result.

TF-SW:

TF-SW is a semantic-aware popularity quantification
model based on an integrated weight coefficient that
leverages Word2Vec and TextRank algorithm.
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Similarity utilizing semantic and lexical relations
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TextRank gives the importance of each word
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Datel(2016)
Event popularity time series Is generated

wDTW-CD:

wDTW-CD is a pairwise EPTSs alignment model using
extended Dynamic Time Warping method. It generates
matches between the temporally warped EPTSs.
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Temporal differences and shapes are considered to
avoid the unrealistic far-match and singularity problem.
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The DTW heatmap and Aligned EPTSs

Weibo Baidu

haHIYSRARARAARRARNY

R o b S O O & A & \
N EINZENIENGN PN SIS I I B SN SN B BN BN SN
USRNSSR SN SN SN SN SN SN SN SMIEY SMIFN SHIFY SMIFN SHIFN CHINS

Lead-Lag stripes for alignhed ETPSs
Experiment:

Our result is proved to be more accuracy and robust
than other model on depicting event popularity.
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